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Abstract: This paper studies how machine translation and online software facilitate Google Translation. It uses Computational Linguistics as an 
approach to Machine Translation (MT). The purpose of this paper is to improve the way people interact with technology. The researchers use the 
qualitative method and outline the translation in the digital age, software and MT in the viewpoints of experts in the field of Linguistics. Our 
point of view is appreciating the efforts of pure linguists, assisted by programmers to using linguistic models, focusing on the terminologies of 
the Chomskyan world, such as grammar, syntax and syntactical structures, parsing, deep and surface structure rules. Considering the 
contribution of human efforts in terms of technology, online software precisely Google Translate (GT), become more acceptable though not 
completely dependable. The research found out that translation is more about the creative imagination than about rule-governed text analysis. 
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Introduction 

Linguistics as the scientific discipline of language has wide-

ranging applications across the domain of phonology, 

morphology, syntax, semantics and pragmatics. It also applies 

to psycholinguistics, sociolinguistics, computational 

linguistics, stylistics and applied linguistics among others. 

Computational linguistics specifically focuses on the 

theoretical modeling of human language. 

Integration is to combine compatible elements or constituents 

to incorporate them as data in a program with the combination 
of structured text and unstructured text. Structured text may 

be easier to analyze with basic tools while unstructured text 

needs to get more complete and detailed information insight 

from your text. This is a combination of Linguistics and 

Computer Science or “Linguistique Informatique” as the 

French described it. Computational linguistics is an 

interdisciplinary field dealing with the rule-based modeling of 

natural language from a computational perspective. This, 

translation using rule-based modeling is not limited to any 

particular field of Linguistics. The application of linguistics-

based models has proved their clear and inherent connection 
with translation. As (Cat ford 8) explains that translation is 

“an operation performed on languages: a process of 

substituting a text in one language for a text in another”. The 

operation can be in any form, as in our study using a 

computer. Similarly, the relationship between languages can 

be directional - it can be performed in a given direction: 

Source Language (henceforth, SL) and Target Language 

(henceforth, TL) or vice versa. Additionally, translation is the 

“replacement of textual material in one language SL by 

equivalent textual material in another language TL”. With the 

help of the machine, translators are more competent and 

speedy in finding the equivalent of text from SL to TL. 

No doubt, technology directs machines on what to do, and this 

is achieved by collecting enough relevant data on Language 

and Linguistics by human experts in the field and integrating 

the data into machines or software. This is achieved to ease 

the task of the translator in terms of time spent on translation. 

Today’s translation software technologies are good but are not 

good enough to interpret or analyze text because this can only 

be achieved with a lot of text sets from experts in the field. 

These are integrated into the software to yield results. Then, 
(Douglas 39) adds that “novice translators should also be 

strongly warned against trusting GT to produce a submittable 

draft as machine translation was not well adequately for that. 

Post editing is nearly always required”. This proves that a 

translator should not depend entirely on the output of GT 

without proofreading, editing, transformation and considering 

the structural and semantic aspects of the translation before 

finalizing it.  

Thus, machines with the help of human beings can reach a 

substantial level of accuracy that humans alone cannot attain. 

One cannot get 99% accuracy from any software they use. 
This is because humans disagree sharply with each other too 

often, and technology is not too enough without human 

intervention. Psychologically, human analysts tend to agree 

about 82% of the time that they will always find texts on what 

they disagree with the machine. 

 

An Overview of Linguistics and Translation 

Linguistics deals with languages or Natural Language 

Processing (henceforth, NLP). The NLP deals with linguistics 

for Natural Language Generation (henceforth, NLG) and also 

Natural Language Understanding (henceforth, NLU). With 
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technological advancements, Artificial Intelligence 

(henceforth, AI) is introduced to mimic the human brain 

where Machine Language (henceforth, ML) substitutes 

human language in computers. AI in essence, is incorporating 

human intelligence into machines. Whenever a machine 

completes tasks based on a set of stipulated rules that solves 
problems (algorithms), Deep Learning (henceforth, DL) 

comes into interplay. This is represented in a diagram below: 

 

 
 

Fig 1: What makes up Computational Linguistics (Medium by 
Shrey, 2018) 

 

As Linguistics has varied applications including translations, 

it is then expected that the translator should be competent in 

his language. This can only be achieved with a native speaker 

of the language to which we are translating or with mastery or 

highly skilled competence in that language. As (Armstrong 4) 
suggests that: “any translation is an exercise in applied 

linguistics”. Hence, applied linguistics has several senses but 

in this context, we limit it to “the application of knowledge of 

linguistics to aid translation”. Thus, linguistics plays a vital 

role to the translator, as it provides the necessary means for 

analyzing language, and by essentially providing descriptions 

of languages.  

This paper is principally concerned with MT, but both human 

translation and MT cannot do without linguistics. As 

supported by (Bennet 143), “linguistics can be used by MT 

system developers in a rather random way, as a source of 

analyses or ideas for solving a specific problem”. We can say 
in this case GT. GT is online software that is used to solve 

linguistic problems on the Internet for different users, 

applications and different purposes. The translation process is 

achieved through the potential of conventional MT systems 

and of the statistically oriented translation memory. 

On the other hand, translation is the discipline of translating 

written language (text) as opposed to interpretation which 

concerns with spoken language (oral). It is the transformation 

of text from one language to another language. This is a result 

of different translators translate texts differently. According to 

(Catford 5), translation is “an activity of enormous 
importance in the modern world and it is a subject of interest 

not only to linguists, professionals and amateur translators 

and language teachers but also to electronic engineers and 

mathematicians”. This shows that translation is processed 

using a different medium like electronically using the ICT. 

The concept of translation has been concerned differently by 

experts in all the above-mentioned fields. It proceeds 

normally through the intervention of a mediator between the 

reader, the message and the original author. As in 

Armstrong’s viewpoint, (23-24) who expresses very intensely 

the dominant requirement imposed upon the translator: 

“I see translation as an attempt to produce a text so 

transparent that it does not seem to be translated. A good 

translation is like a piece of glass. You only notice that it’s 

there when there are little imperfections - scratches, bubbles. 

Ideally, there shouldn’t be any. It should never call attention 

to itself”. 
The author tries to inform us that there are issues in 

translation or imperfection from the translator but yet 

produced a text that is easily understood by the reader as if it 

was not translated. As (Munday 295) adds that “in this area 

are those that are producing practical results in the form of 

new statistical tools for the translator and machine 

translation”. This is where GT tends to provide a result for 

online users that cannot understand a message in one 

language simply because one does not know that language. It 

can also give an insight for the TL users. Similarly, (Munday 

27) adds that “the process of translation between two different 

written languages involves the changing of an original written 
text the source text (ST) in the original oral language - the SL 

into a written text - the target text (TT) in a different oral 

language - the TL”. This transformation is translation, in this 

case, with the help of a machine and/or software” – the GT. 

This is the translation process that involves translation 

theories, procedures and strategies in changing the original 

text of the author to translated text by the translator.  

 

The Concept of Computational Linguistics 

Some changes were noticed decades ago, efforts were 

dominated by theoretical linguists and assisted by computer 
programmers to build and test linguistic models focusing on 

terminologies of the Chomskian world such as grammar, 

syntax and syntactical structures, parsing, deep and surface 

structures, and avoid sentence ambiguity. This is 

characterized by challenging programmes for parsing which 

results in tens of parsing even the simplest sentence. As 

supported by (Dershowitz 3) who adds that this “entailed the 

necessity of trying then desperately to design ways for 

analyzing these correct parses in order to focus on the 

"correct" or "intended" one. Evidently, the Natural Language 

Processing is detailed from “politically correct” language of 

activities.  
Computational Linguistics is an external branch of linguistics 

that is concerned with the processing of natural language by 

computers. According to (Mitkov 15), “since machine 

translation began to emerge some fifty years ago, 

Computational Linguistics has grown and developed 

exponentially. It has expanded theoretically through the 

development of computational and formal models of 

Language”. The basic goal of computational linguistics is the 

transmission of one natural language, English to another 

through the well-structured procedure. Also (Hausser 15) adds 

that “the goal of computational linguistics is to reproduce the 
natural transmission of information by modeling the speaker’s 

production and the hearer’s interpretation on a suitable type of 

computer”. This results in the building of online software or 

machines which can freely communicate or translate in 

natural languages.  

According to (Hausser 17), the programming aspect of 

designing machine software that provides a tremendous 

chance in computational linguistics, yielding results is 

developing the basic concepts of philosophy, mathematics, 

grammar, and methodology. Natural communication requires 

a theory of language because of the modeling mechanism. It 
describes the natural transfer of information in a manner that 
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is functionally coherent and mathematically explicit. This is 

followed by a degree of precision in the description of these 

components that supports a straightforward computational 

implementation running in real-time. It also requires 

functioning modeling of natural language communication and 

constitutes the ultimate standard for successful computational 
linguistics. MT is one of the products of computational 

linguistics particularly with 24 official languages in Europe 

where the utility of automatic translation systems is 

tremendous.  

Therefore, (Hausser 34) further explained that “translation 

offers the facilitating circumstance that a coherent source text 

is given in advance - in contrast to automatic language 

production, which has to grapple with the problems of ‘what 

to say’ and ‘how to say it’”.  A given ST can be utilized to 

avoid the difficult problems of interpretation of language-

independent modeling of understanding; and production (the 

selection of content, the serialization, the lexical selection) to 
automatically translate large amounts of nonliterary text, 

usually into several different languages at once. The 

administration of the European Union, for instance, must 

publish every report, protocol, decree, law, etc., in the 24 

different languages of the member states (as of 2013). The 

French formulated a decree under a French EU presidency 

that would have to be translated into 22 languages [1]. The 

languages must be dealt with in language pairs like French→ 

English; SL and TL languages are distinguished. 

The concept is presented briefly in a diagram below: 

 

 
 

Fig 2: What makes up Machine Translation (Altoros, 2018) 

 

Natural Language Processing 

Natural Language Processing is an interdisciplinary field of 

computer science and linguistics. It is the ability of computers 

to understand human language. Natural language is human 

language and computers can analyze, understand, alter and 

generate it. Human languages serve as data in computing in 

form of speech converted as input that the system recognizes 

then processed and analyzed using computer systems. This is 

supported by (Poibeau 18) “natural language processing is 
difficult because, by default, computers do not have any 

knowledge of what a language is. It is thus necessary to 

specify the definition of a word, a phrase, and a sentence”. 

In this process, we have sub-systems such as Sentimental 

Analysis, Speech Recognition and Machine Translation that 

are used in the different situations on the Internet. Google 
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 French → Bulgarian, Irish, Czech, Latvian, Danish, Lithuanian, Dutch, 

Maltese, English, Polish, Estonian, Portuguese, Finnish, Slovene, German, 

Slovak, Greek, Spanish, Hungarian and Swedish. 

  

Translate is an example of Machine Translation apart from 

several applications of Neural Networks (henceforth, NN).  

Other applications in the field for users include Spell 

Checking, Keyword Searching, Information Extraction and 

Advertising Matching. NLP is divided into two Natural 

Language Understanding and Natural Language Generation as 
it studies the understanding and production of language by 

computers. Language understanding in NLP is the most 

difficult task as it takes a lot of time and processes to 

understand a language, especially if you are not a human 

being. 

Also, some of the major tasks in NLP are automatic 

summarization, discourse Analysis, Machine Translation, 

Morphological Segmentation, Natural Language 

Understanding (henceforth, NLU), and finally, Natural 

Language Generation (NLG). NLU is fully linguistics, as it 

deals with each system of phonology, morphology, syntax, 

semantics and pragmatics. NLU deals with question 
answering, sentiment analysis, semantic parsing and text 

summarization. Using NLG to translate data, the technology 

has huge potential for industries like Google, NLP enables 

machines to analyze and understand humans’ imperfect way 

of writing or speaking while NLG is a computer process that 

can generate natural language text and speech from pre-

defined data. 

Besides the tasks, there are steps towards understanding 

languages such as Tokenization, Stemming, Lemmatization, 

POS Tagsm Named Entity Recognition and Chunking. The 

first step is Tokenization, which is a process of breaking 
strings into tokens which in turn became small structures or 

units that can be used in the process. Stemming is to 

normalize words into their base form or root form. 

Lemmatization takes into consideration the morphological 

analysis of a word so that Algorithm can link back to its 

original root word. It groups different infected forms of a 

word called Lemma. Its output is a proper word. Part of 

Speech (POS) Tags indicate how a word functions in meaning 

as well as grammar in a sentence. A word can have more than 

one part of speech based on the context it is used. This is 

followed by Named Entity Recognition (NER) which is the 

process of detecting the name entities. Chunking is picking up 
pieces of information and grouping them into bigger pieces to 

have meaningful information. All these are processed and 

executed in the Natural Language Tool Kit (NLTK) library 

called python NLTK. It is used in natural language processing 

and text analysis. 

 

Text Mining 

After each search on the internet, millions of answers will be 

returned as the result. It is difficult for a user to read all the 

millions of answers that were returned at a time. Here is 

where Text Mining can help. It filters a large amount of 
research and extracts the most relevant information the user 

needs by analyzing the results. It is not a search tool as it 

differs from keyword search. It identifies patterns and trends 

across millions of articles but it understands words 

classification and their POS. it requires different tools and 

resources to make it work. 

Thus, (Hearst 2) describes the roots of text mining to be from 

computational linguistics and information retrieval; hence it 

plays a very important role in language processing. As (Clark 

et al., 23) equally indicate that text mining deploys the use of 

Natural Language Processing (NLP) to extract meaning from 
text using algorithms.  
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Text mining deals with natural language texts either stored in 

semi-structured or unstructured formats. It incorporates and 

integrates the tools of information retrieval, data mining, 

Machine Learning (henceforth, ML), statistics and 

computational linguistics. It is also called Text Analytics. It is 

the process of deriving meaningful information from natural 
language text. It is a study that deals with Computer Science, 

AI and human language.  

Techniques in text mining are information extraction, 

information retrieval, categorization, clustering and 

summarization. The Steps involved in text mining are: 

i. Put together unstructured data from various data sources, 

ii. Identify and eliminate abnormalities from data by 

conducting pre-processing and cleansing operations, 

iii. Translate all  related information mined from 

unstructured data into structured formats, 

iv. Evaluate the patterns within the data via Management 

Information System (MIS), 
v. Store all the appreciated information into a protected 

database to drive trend analysis and enhance the 

executive process of the organization. 

 

Language Model 

It is a significant probability of a sequence of words that may 

be a sentence which computer predicts to the user. It is a 

fundamental part of many systems to solve natural language 

tasks such as MT. The higher the scores the more fluent the 

sentence is. It can capture interesting language situations like 

which sentence is grammatically correct? Which word order 
is correct? So in this case, LM helps us in different fields and 

languages. 

 

Parsing 

The parser is a software component designed for taking input 

data (text) and gives a structural representation of input after 

checking for correct syntax or grammar. Parsing is the process 

of identifying a string of symbols in natural language, 

computer language, data structures forming the rules of 

formal grammar. This is achieved with sentence diagrams and 

it emphasizes the grammatical divisions such as subject and 

predicate. The term refers to the formal analysis by a 
computer of a sentence within computational linguistics or 

other strings of words into its constituents resulting in a parse 

tree showing the syntactic relation to each other. It is a change 

from a sequence to a tree and from unstructured data to 

structured data. 

 

Neural Network 

A Neural Network is an artificial mathematical function 

serving as an essential unit of an ANN as compared to the 

human nervous system. NN is a virtual computer system 

designed to emulate the brain in its ability to learn to assess 
imprecise data and it requires massive data to train. It is a 

program that represents human brain neurons in computing. 

NN are structured layers in ML. There are many variants of 

NN, a Convolutional neural network which is Google for 

image recognition and a long short-term memory network 

which is good for speech recognition. We use NN to create 

better sequences of words. We use NN to find the matches in 

sequences. 

Like with the human brain, the NN consist of thousands or 

even millions of simple processing nodes that are densely 

interconnected. Most of the current NN are organized into 
layers of nodes and the data moves through them in only one 

direction. As (Shahnawaz et al., 12) discuss the integral role 

of NN in developing the MT system, NN serves as the key 

component in the English – French machine translation 

system. 

 

Machine Learning 
Machine Learning (ML) means empowering computer 

systems with the ability to “learn”. ML intends to enable 

machines to learn by themselves using the provided data and 

make accurate predictions. It is the field of study that gives 

computers the capability to learn without being explicitly 

programmed. ML is a subset of AI; in fact, it is simply a 

technique for realizing AI. Also, (Banik et al., 9) substantiate 

that exploration of ML in the context of ML improves the 

accuracy of the translation significantly.  

 

Deep Learning 

Deep Learning (DL) is an ML technique and breakthrough 
that simulates computers to imitate humans. In DL, a 

computer model learns to perform different tasks directly 

from images, structures, texts, or sounds. It is a subset of ML. 

DL algorithms are inspired by the information processing 

patterns uniquely found in the human brain. It is with these 

patterns like the brain of humans that computer identifies data 

such as handwritten digits despite their differences in shapes 

and sizes. It should not be confused with AI which replicates 

human behaviour and DL is inspired by the structure of the 

human brain. It is a subfield of AI and ML. In DL features are 

selected without human intervention. In terms of architecture, 
it is referred to as Artificial Neural Network (henceforth, 

ANN).  

DL applies to self-driving cars, customer care and medical 

care services. It has vast goals but faces some limitations like 

data, as it is the most efficient way to deal with unstructured 

data. Other limitations are computational power which 

requires a Graphical Processing Unit (henceforth, GPU) that 

has thousands of cores as compared to CPUs. And training 

time, Deep Neurons take hours or even months to train as 

time increases with the amount of data and number of layers 

in the network. An example is Microsoft Cognitive Tool Kit. 

Besides, the main idea behind this is to develop a system that 
works as a translator. With the help of history, databases and 

past experiences, a trained DNN translates the sentences 

without using a large database of rules. MT consists of some 

other related processes like word alignment, reordering rules, 

language modeling, etc. A Feed forward Neural Network 

(henceforth, FNN), RNN, recursive auto-encoder (henceforth, 

RAE), Convolutional Neural Network (henceforth, CNN), 

and recursive NN are some of the DNN solutions that are 

used in MT processes. Each process in text processing has 

corresponding appropriate DNN solutions as indicated in the 

table below: 

 
Table 1: DNN in Machine Translation 

 

Text Processing DNN Solutions 

Word Alignment FNN RNN  

Translation Rule Selection FNN RAE CNN 

Recording & Structure 
Prediction 

FNN RAE CNN 

Language Model RAE 
Recurrent NN 

(LST, GRU) 
Recursive NN 

Joint Translation Prediction FNN RNN CNN 

Source: Extracted from (Singh et al., 2017) 

Thus, FNN can handle the process of word alignment task as 
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shown in Table 1 above. RNN can handle it better due to its 

excellent maintain of alignment history which is used for the 

prediction of accurate next alignment. The same applies to the 

rest of the MT process with the last subcolumn of the DNN 

Solutions showing the most appropriate DNN Solution to the 

corresponding MT process. 

 

Methodology 

We use the qualitative method of collecting data from 

different viewpoints of theoreticians in the field. Our 

viewpoints in terms of approach here are computer 

programming, computational linguistics and Machine 

Translation resulting in language translation – Google 

Translate. The translation is restricted to the use of MT in the 

North West Universities regarding French to English 

translations or vice versa.  

 

The Emergence of MT or Translation Software 
NLP breaks languages barriers with automatic translation but 

still struggles to preserve meaning handle idioms. Accuracy 

and time are some of the factors that contributed to the 

development of how the translator can achieve his task in due 

course. As (Douglas 29) further explained that “the frustrating 

slowness of translation (as of all text production) is one of 

several factors that fuel dreams of machine translation: just as 

computers can do calculations in nanoseconds that it would 

take humans hours, days, weeks to do, so too would the ideal 

translation machine translate in minutes a text that took five 

people two weeks to write”. 
MT produces automatic translations using millions of 

translated texts from human translators. It is among one of the 

most widely free used is GT at 

https://www.translate.google.com. According to (Douglas 

38), MT is “an online Statistical Machine Translation (SMT) 

system whose reliability has improved to the point where 

some translators, in some language pairs, find it cost-effective 

to create a first draft with GT and then edit it into professional 

form”. It is also the most powerful personal digital Assistant 

that translates files into different languages of the world. As 

further explained by (Munday 289) that “the production of 

multiple TL versions (e.g. software localized for distribution 
worldwide in the local languages) modifies the ‘simple’ 

model of ST-TT transfer”. The perspective is applied to 

“internationalization”, which leads to the adaptation of 

accepted communication models. As (Munday 131) added 

that “software should fulfill the function of instructing the TT 

receiver in the same way as the ST does for the ST reader”. If 

human translators take too long, explore computer solutions. 

In addition, (Douglas 33) supports that “translators are 

usually, and understandably, hostile toward machine-

translation systems, which promise clients enormous 

increases in speed at a fraction of the cost of human 
translation”. They understand the machine system 

environment that helps process the task of a translator in due 

time. The corpus-based translation is Corpus-based corpus 

linguistics which drew on tools and techniques of 

monolingual. This is, therefore, the insertion of ST and text 

output or TT text into automatic procedure using natural 

language to software that serves as a transitional between text 

inputs. A translator – is a human mediation that is needed 

after the result of the procedure. As further explained by 

(Munday 291) “the rapid evolution of computer systems 

meant that it was possible to create an electronic ‘corpus’ 
(plural ‘corpora’) of naturally occurring texts (texts which had 

been written for a real communicative context and not 

artificially invented by the language researcher) that could 

then be processed and analyzed with software to investigate 

the use and patterns of the word-forms it contained”. Software 

in machines copies human behaviour to generate and perform 

operations by itself. This makes it easy to differentiate 
between two languages and compare their patterns, parsing 

and structures and then translate. 

 

How does Google Translate work? 

Google Translate has quite wide-ranging applications 

integrated towards electronic translations. 

In a simpler term, all Google translations come from 

computers. Google Translate allows the computers to learn all 

the rules involve in translation by themselves to avoid issues 

as language has a complex structure. They do this by 

analyzing millions of documents translated by human 

translators. These translations come from books, 
organizations and different websites around the globe. The 

computer scans these texts looking for statistical patterns 

between the original and translated texts that are unlikely to 

occur by chance. Once the computer finds the pattern, it can 

use a similar pattern to translate in the future. However, GT is 

not always perfect but ensures that it compares newly 

translated texts and makes their computers smarter and 

translation better. 

Technically, language has two components: tokens and 

grammar. Tokens are the smallest units of language and 

grammar ordering of tokens so that they make sense. In a 
nutshell, tokens are typically words. Grammar of every 

language is very essential in GT as it deals with syntax. It 

concerns the arrangement and the structure of words in a 

sentence.  It also looks at the semantics component which 

deals with meaning, and whether the sentence makes sense in 

context. To ensure translation, these must be adhered to. 

Take English and French languages as pairs of GT. We need 

to make sure that French follow its rules of grammar, syntax 

and semantics as well as that of English. This is because 

language is more complex than simply an arrangement of 

words. 

Basically, the user composes an English sentence into the 
Recurrent Neural Network (henceforth, RNN) that converts it 

to a vector and the vector will convert it to another RNN. 

Then, the RNN will consider the structures of the two 

languages and convert them into a French sentence or a 

translation. This is the Encoder-Decoder Architecture. The 

first encodes the sequence to a vector, the vector converts it to 

computer language and then decodes the vector to sequence 

again. In the case of language translation, the machine will 

use an RNN.  

An NN is a component that learns to solve difficulties by 

finding through hundreds and thousands of instances. The 
system learns patterns and data to translate pair of languages: 

English to French by itself. The NN considers the input say in 

a sequence of words but computers do not understand 

sentences like humans. Thus, we need to convert it into a 

form the computer understands which is zeros and ones 

(numbers) representing data. The first part of the network, a 

vector mapper where a sentence is converted to computer 

language.  

RNN can deal with longer sentences very well as it is widely 

successful in language translation. One of the imminent of 

RNN is that it uses previous information to deal with the 
present. Due to this reason and the larger structure of long 

https://www.translate.google.com/
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sentences, we replace RNN with Bi-Directional Neural 

Network (henceforth, BDNN). BDNN looks at the structures 

of sentences forward as well as backward. The translator 

aligns the input and output structure using a model on its own 

before generating the translation. This alignment is achieved 

by the Attention Mechanism that is between Encoder and 
Decoder. The English sentence is fed to the encoder, decoder 

into vectors then use Attention Mechanism. It will then ask 

which words in SL correspond to another word in TL then the 

decoder will generate French translation one word at a time 

focusing its attention on the words determined by the 

Attention Mechanism. The translation of French is closely 

aligned with the original English, Google Translate 

Architecture. 

It translates one language to using speech recognition. Hence, 

one can use the text or voice feature if one cannot pronounce 

the words. 

Note however that, it works perfectly in some cases but it has 
issues with word selection in some languages. 

 

Research Findings 

The linguists were supported by computer programmers to 

construct and test linguistic models, concentrating on the 

central lines and terms such as grammar, syntax and 

syntactical structures, parsing, deep and surface structures, 

and sentence ambiguity. The assessment of software or 

machine as a translator has some relevant issues underlying 

the approach of Computational Linguistics. Most of these 

systems have an issue to use their text format which powers 
the users to transform their text into the translating system's 

special format in order to translate, and then re-convert and 

loads the translation into the text format in their word 

processing system. This research summarily finds that: 

 The translation is more about the jobs people do and the 

way they see their world than it is about registers or sign 

systems, 

 The translation is more about the creative imagination 

than it is about rule-governed text analysis, 

 The translation of highly technical texts is more like a 

poet or a novelist than like a machine-translation system, 

 The translation is never successful without human 
(linguist) intervention, 

 A large number of problems of machine translation could 

be solved by the application of statistical methods, 

 Word-based spellchecking in languages where no spell 

checker of acceptable quality is available (-> English and 

French); 

 The software has its text format that users must adhere to 

convert text into translating system, translate then 

reconvert and load it into Word processing for 

completing the task. 

 Recognition of emotional situations in a language like 
angry, sad, happy are very difficult for a machine. 

 

Conclusion 

In conclusion, the paper holds that language competence and 

the application of knowledge of linguistics tremendously help 

translation. Therefore, the translator should be experienced 

and knowledgeable in his natural language with mastery of 

language skills in that language to which translation is done. 

We reviewed some works of literature on linguistics, 

Computational linguistics as well as translation. 

Computational linguistics is an interdisciplinary field that 
deals with the processing of natural language by computers. 

The Linguists were supported by computer programmers to 

form and experiment with linguistic models, aiming at 

terminologies such as grammar, parsing and syntactical 

structures, deep and surface structures, and sentence 

ambiguity. These brought about MT and online translation 

software, and the idea of computational linguistics depends on 
what linguists or computers programmers integrate into 

translation software.  

Computational linguistics and natural language processing are 

amazing. We looked at some relevant terminologies that 

include NLP, text mining, LM, parsing, NN, ML and DL. 

These systems assist in the technology of computational 

linguistics. One of the main issues of MT is ambiguity. 

 

Abbreviations 

AI  - Artificial Intelligence 

BDNN  - Bi Directional Neural Network   

DL   - Deep Learning   
GT  - Google Translate 

LM  - Language Model 

MT  - Machine Translation 

NER   - Named Entity Recognition  

NLTK   - Natural Language Tool Kit  

NPG  - Natural Language Generation 

NLP  - Natural Language Processing 

NLU  - Natural Language Understanding 

NN   - Neural Network 

POS   - Part of Speech  

RNN  - Recurrent Neural Network 
SMT   - Statistical Machine Translation 
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